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Clustering Architecture
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Hierarchical document

clustering
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Taseaianenssnemani (Logical Organization)
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Simple Coefficient
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Dice’s Coefficient
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Jaccard’s Coefficient
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Cosine Coefficient
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Overlap coefficient

| X Y|/ min([X].[Y])
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wﬂ: Instirute for Consumer and Behaviorsl Research, 1992, Saarbriicken.

TABLE ¢
Association Norms of German and French Students: Low Overdap Coefficient for “tranguil”

Rank (zerman Students French Students

1 forest 41 country 13
2 skeep 35 forest 11
3 church 20 nature 10
4 night 19 house 9
3 water 17 5Ca 9
6 read 14 100m &
7 Cemetary 13 library 5
i nature 9 landscape 5
9 bed 8 lonely person 5
10 lake 8 pensioner 5

Percentage of visual associstions for the first 10 ranks.

Overlap coefficient = 0,155 (added relative frequencies of common associations, here calculated from
all association percentages > 5 %); number of French students 210, number of German students 95.
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/ Similarity Measures \

Simple matching (coordination level match) |Q ND |
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miiannuaaendnulaely Vector Space
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W, =t *log(N/n,)

T, =termk in document D,

tf. =frequency of term T, in document D.

Idf, = Inverse document frequency of term T, in C
N = total number of documents in the collection C
n, = the number of documentsin C that contain T,

df, = |og(%)




7

SORIAN

\_

o 9 J Al W tgl
myualdnnmes Q Jmeasil
9J
na1s D1 danasi

9J
na1s D2 1a1aail

1.0

0.s

0.4

0.2

0 =(0.4,0.8)
D1 = (0.8,0.3)
D2 =(0.2,0.7)




7

SORIAN

Y ] 9 9
ITIENIaMIANNAGIEAIIINENA LAz AU 1 lag]H
AnIfo

t
'Z;th*ngy

Sim(Q, D) = ——i

) )

Z(wcﬂ')z * Z (W%)E




¥
/ ZW@.*WJE

sim(@, D) = — = !
A0E19 JZ W )" * > (wy )’

©=(04,03) D2 =(0.2,0.7)

(0.4%0.2)+(0.8%0.7)

m(0.D,) =
sim(@. D) JI(0.4 +(0.8)1%[(0.2)* + (0.7)°)
~ 2% _ o3
0.42




4 S om,

Fim(2, ) = 71
TPLRIAR Z(w )7 Z(wd )’
=(0.4,0.8) D1 = (0.8,0.3)

Lmuﬂﬂua@ﬁmmwaaaiumw(Q) Laztanas D1 laadil

SIM(Q,D1) = 0.6 —(0.74

+/0.58

\_




sentence 2

term 2

sentence n

sentence 1

VECTOR SPACE A

MODEL

term




all

‘.'I

I\
4 our D=L

i

0=
)3

0T, +0T, 41,

D=3 47T+ T

words




7

anlindandeny (Dissimilarity)
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Dissimilarity Indices for Selected Multiracial
Groups
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Genetic dissimilarity
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Jaccard’'s tree based on a
dissimilarity matrix
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Jardine a: Sibson
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mvamiangu (Classification Methods)

J 1 o a - -
p011ane aumeswe(Description)
S ¥ V] YA
) WuTaseasnvesvoyanslnyenie

o1uuenais(documents) onuduanauialunaneganius
masswti(keyword) -d

v W A A 9 = 1 o ~
A0NYINUIUAIBUBAY - ADUSVOUAVFIUADY 1Y AIATTH

(hand written character)v3e (Keyword)

%ﬁﬂmmﬁ‘m(species) - U 19U 31AT IR NULTS H5e

1 v a3 9
HIMUNUDIATTBU lﬂuﬁu

- MINTTIBANNUIIZT Y
(Probability Distributions)




Intrusion Detection System
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COMPARISON OF CLASSIFICATION METHOD S
Percentage of US Population Age 65 or Older, by County

Distributions of Counties

equal interval

eSS up equal data intervalz
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U

(11 :i:i Y LY L] Ya Y Ad :i o d
!?)ﬂ’m’i‘nmﬂ3611’6&fm?)fJN‘lﬂa‘mwmﬂuuﬂum’i!ﬂmwuﬁﬂ‘u

Y o Ay A U ek

VAN TNNIOIVIINHNDUNU

“closely associated documents tend
to be relevant to the same requests “




7

o = T Y A Y
31.]- HAANDNN AT INVDINANUDLIYN I

relevant-relevant(R-R) uaz relevant-non-relevant(R-N-R)

\_

Collection X Zolleetiom Y
100 ' o 100
ngu X uenldaniingu Y
an | a0 L
.
% 2 60 | R-HER 60 [
ik .- R-H-R
40 | i III 40 L
B-R S .
a0l =
- s I
< |
-
| < | \
b 4 2

wnasiineades(relevant) wadondsiunaziu uinningadreiuenasi lhimeades(NoON-relevant)




7

i ludesdtanguiond1s (document clustering)
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clustering
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Customer Clustering
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The Fuzzy Clustering GUI uses

numerical data to develop
classification
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Visual Clustering
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K-Mean Clustering

Click data in the picture box below. The program will automatically cluster the data by color code
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applying cluster analysis to your
owh gene expression data sets.
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Exclusive Clustering
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